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Algorithmic Logic of Automated Fact—checking and

the Avoidance of Its Endogenous Risks
Zhang Chao
Abstract: In the age of intelligent media, the governance of Internet information content also needs intelligent means. Automated
fact—checking is one of the algorithmic governance means to combat lies and fake news. Algorithmic logics are also different in solving
automated fact—checking problems. Generally, they can be divided into five kinds: logic based on " matching" , logic based on " source

reliability" , logic based on "relationship" , logic based on " defect" and logic based on "blockchain". The endogenous risks of " algo-
rithmic formalism" can undermine the credibility of automated fact—checking. To avoid risks, we should optimize the design at the tech-
nical level and reduce the deviation of the source data. At the checking level, the man—machine collaboration mode of " algorithm+fact
checker" should be adopted. We also need to establish a fact—checking network at the level of stakeholders and strengthen the principle
of transparency and correction at the ethical level.

Key words : automated fact—checking; algorithmic formalism; endogenous risk; transparency
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